31 H7W
2014 4 7 H

(G RS B 1 R
MICROELECTRONICS & COMPUTER

Vol. 31 No. 7
July 2014

HESHESRE

= BB FH 1T HE

kK O EL.EOA

CE PR RE %

W OERET MR T RN R TR AT
MTF. 5EHZMEMMAL , ERE K BEBRIRT 84%, 3 W #5 F &
B 89 % X E E 0.59 ms.

T T 320X240 HEB AN . TREBH ZHRES

T LA B R K 4 S0 L WAL X 430074)

DoG RJE = |8ty 4T &y, 72 1 % vm 1T B M 66 09
BT 0% A4, & 131 MHz 8 THEM F

KBHE: REALHMAEFATEM: G REE: 520 REZN

FESHES: TP391.4 THEARIRAD : A

XEHS: 1000—7180(2014)07 —0006—04

Parallel Architecture for DoG Scale-space Construction

ZHANG Jing, SANG Hong-shi

(Science and Technology on Multi-spectral Information Processing Laboratory,

Huazhong University of Science & Technology, Wuhan 430074, China)

Abstract: In order to reduce the memory requirement caused by line buffers, we proposed a parallel architecture

based on a parallel smoothing scheme to construct DoG scale space. Compared with the conventional architecture,

the number of line buffers is reduces by 84 %, which leads to the memory requirement dropped by 90%. in the

similar false positive rate. It only takes 0. 59 ms to construct DoG scale space for a 320X 240 image at 131 MHz,
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